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Quarter-Truck Simulation (Cebon)
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l— Forward Model : Database ﬁ

TSD: Simulated Max. Deflection FWD: Simulated Max. Deflection
; Signal Processing (Noise): (AWGN) 4_|

Supervised Machine Learning (ML)
Support Vector Machine (SVM):
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1—‘ - Statistical Analysis (RMSE, R-Squre,.....) —l
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Integration TSD into PMS
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Deflection (um)

Deflection Velocity Slope Sy, (m/s)
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(15-dB):
Additive White Noise Gaussian Signal (AWGN)
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FWD Train vs Test
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FWD Test vs Predict Max. Deflection (um)
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FWD Variance Analysis
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FWD Variance Analysis
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L Traditional Devices ’— - —>‘ Socio-economic Issue: Workplace Hazards Road Management
| TSD ]— - - —{ Continuous bearing capacity assessment 80 km/h no traffic disruption 1
L TSD reliability ]— - - —>‘ Calibration issue that influence the measurment reliability
N
| Machine Learning ——— —{ FWD provide a quick and straightforward method of TSD verification 1
| Study Limitations ——— -{ Experimental Validation 1
Benificieries - — ->‘ Intelligent Soulution for Road Authorities, PMS & TSD operators

Prespective |— - —>| Full Automatic Verification System ( lot & Cloud)




THANK YOU FOR YOUR
ATTENTION.

QUESTIONS AND COMMENTS
WELCOME!




	Slide 1: ML-based Model for Verifying TSD Performance:  Numerical Parametric Study 
	Slide 2
	Slide 3
	Slide 4
	Slide 5
	Slide 6
	Slide 7
	Slide 8
	Slide 9
	Slide 10
	Slide 11
	Slide 12
	Slide 13
	Slide 14
	Slide 15
	Slide 16
	Slide 17

